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Multiplicative Weights MW
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Query Release via Synthetic Data Distributions
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From Online Learning to Query Release

Goal Design M x ngax Lei E hx EL
EF

i IMW Update

P2 n

s __

Multiplicative Weights W Exponential Mechanism IHNEN

f En tn Privacy

for 1 1 T

It Mo x q.pt e
Selection problem

Exponential Mechanism

Report Noisy MaxCt fit Score function error
peu Mw Update Pt E n qq.mx 14,5kW

Return p I I got

privacy Proof A composition of T exponential mechanisms


